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An Automated Help Bot That’s
Actually Helpful!

John Morgan
IT Associate Director
Southern lllinois University School of Medicine
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Goals & Motivations

* Implement an Al Chatbot to supplement our Technical Support Service Desk

* QOrganizational inflection point
Clinical Growth
Increased Technological Complexity
Service Desk Working Beyond Capacity

« Two Choices
Hire Additional Staff

Automate
WE DID BOTH!!!

@ SIU MEDICINE



What can the bot do?

« Leveraging Al Automation for common tasks
 Change an AD Password
* Enroll in Multi-factor Authentication
* End a frozen Citrix Session (Mostly for EMR users)
* Request access to a File Share
 Open a support ticket
* Search the IT Knowledge Base

@ SIU MEDICINE



= @ WATSON : Webex Teams
Hi is Wat I the SIU Medici Channel
e technical support chatt;ot_ We b C h a t b Ot

common tasks or ask a question.

(Duo Help) (End Citrix Session)

(File Share Request) Watson 8:09 AM
Apr 10 8:07 AM Hi my name is Watson, | am the SIU Medicine technical support chatbot.

How can | help? Please select one of these common tasks or ask a
guestion.

Duo Help End Citrix Session File Share Request

0T E (@ Shift+Enter for a new line

Write a message to Watson

Type your question here

@ SIU MEDICINE




Implementation Challenges

Vendor was unfamiliar with several of our tools
* Ticketing system

 Knowledge Base Content Management System
e Multi-factor Authentication System

* Collaboration Messaging System

Outcome

« Was it worth it?

ROI at 30% request resolution
 Unlimited future potential

@ SIU MEDICINE
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Building the Foundation for Operational Efficiency at UTRGV
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The Big Ideas

Automation
Accessibility

Al

for the future of data
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“The moment an analyst is asked a question, a timer starts. When a
decision gets made based on that question, the timer stops. Analysts'
singular goal should be to minimize the hours and days on that timer.”

- Benn Stancil



| don't have that metric We don't have that data

| need a report

| need new data to create that metric
| need a report

w

0O 60 6 60§

Decision Business Data Data Data Data
Maker Analyst Analyst Engineer Architect Sources

M

Here's your report Here's what you need to make that metric
Here's your report

The “Old” Way of Getting Data



AIDA
Al-Powered Data Assistant
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Write me a report about X, Y, Z

*

™

Decision AIDA Data Warehouse &
WELC Intelligence Data Catalog

*

Here’s your report

Schema, Metrics,
& Data Definitions



Our Vision
For the future of Al

Cost Efficiency

Empowered Staff

Powerful Assistants

Access to Enterprise Resources
Customizable Al Solutions

Security & Governance

¥ RioGrandeValley : Medicine
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The Three Core Components

for the future of Al in Academic Medicine and Healthcare

e Platform: Safe and secure platform to distribute, manage, and govern Al
e Engineering: Tools to develop, document, validate, and test Al applications

e Research: Capability to translate research into operational use (people, process,
tools, culture)
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) AIDA
J Al-Powered Data Assistant

e Enterprise access to “ChatGPT” and other LLMs for Students, Faculty,
and Staff

e Pre-built in-house Al applications (traditional & generative Al)
e Access to organizational data platforms & knowledge

e Customizable Al assistants

e Customizable “tools” for Al to use

e Role-based security
e Microsoft Entra Single-Sign-On
e HIPAA compliant



Completely New Approach

e Data: All encounter summaries + corresponding ICD/CPT
codes

e Method: Novel adaptation of large language models
* Infrastructure: Microsoft Azure

e Goal: Trained to predict ICD/CPT codes from encounter
summaries

e Why: Part of a larger custom solution to our streamline
revenue cycle management - Slated for 2024
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Priorities for Al at UTRGV

1. Technical Knowledge Workers: Software Eng., Data Eng., IT Support

2. Operational and Administrative Use-Cases: Patient Scheduling, Assistants, Call
Center Operations & Quality, Anomaly Alerts

3. Finance and Revenue Cycle Automation: Coding, Denial Letter Management
4. Physician Paperwork: Clinical Notes Generation / Quality Control

5. Patient Care: Triaging, Diagnosis, Anomaly Detection

UTRG,V \ &5 UT Health : School of
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medicine (&) JOHNS HOPKINS

Johns Hopkins Overview
Al and Operations

June 2024

Rebecca Canino, MBA
Executive Director, Office of Telemedicine | Johns Hopkins Medicine



Brian Hasselfeld, MD

Senior Medical Director, Digital Health and Innovation
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.... it's not about the tools, it's really about the access problem.
How do we care for more patients with the same clinical
workforce we have today? How do we meaningfully increase
productivity? Care for more people on top of the same
preexisting resources? And at the same time, of course, avoid
the key balancing component, which is we can't simply ask our
clinical workforce to work more.

How do we inject really meaningful intelligence into what
comes first and what comes next for patients in their journey?
And if we can start to extract some of that unnecessary care
out of the system, we can unlock some additional supply.

Al can unlock supply to meet demand, says Johns Hopkins
physician IT leader | Healthcare IT News



https://www.healthcareitnews.com/news/ai-can-unlock-supply-meet-demand-says-johns-hopkins-physician-it-leader
https://www.healthcareitnews.com/news/ai-can-unlock-supply-meet-demand-says-johns-hopkins-physician-it-leader

Vivian Zhao, MHA

Chief Patient Access Officer, JHM Access Services
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.... it's not about the tools, it's really about the access
problem..

How do we inject really meaningful intelligence into what
comes first and what comes next for patients in their journey?
And if we can start to extract some of that unnecessary care
out of the system, we can unlock some additional supply.

‘We want to leverage Al technology to efficiently handle
routine patient inquiries, ensuring quick responses to
common questions and freeing our agents to focus on more
complex needs our patients. This strategic use of Al will not
only meet patient demands more effectively but also
enhance operational efficiency across our services.
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ONLINE SCHEDULING

renw B follons up appls

419K |11%

online scheduled volume

CALL VOLUME

87K |3%

total call volume

Digital Ac:cess Chan nels Current State

F¥z4 ¥YTD April

Al

appl info & cancalsreschaduling

26K | 10%

Al completed calls

SCHEDULED VISITS

223K |5%

Scheduled Visits

CALL BACK ASSIST

aula dial back Lo palient 1o mirimize wail lrme

67K | 3%

inbound volume

STAFFING

$500K | 9 FTEs

savings

LT
Auttar Viwan Zhao MHS, JHM BAS CRAD
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John Crockett

Senior Director of Client Services, Medical Specialties

How do we meaningfully increase productivity?
Care for more people on top of the same preexisting
resources?

In the upcoming May 24 update to our EMR, generative Al
will be introduced for coders and providers to

accurately capture all diagnosis at the highest level of
specificity. This will enhance our performance in

the Value Based arena and assist in creating precise chart-
driven appeal letters to improve outcomes for denials.

We are collaborating with our claims clearing house vendor
to utilize their advanced predictive Al tools to

enhance accuracy in claims processing and streamline the
revenue cycle for professional fee billing. This partnership
aims to minimize denials and accelerate revenue generation.
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Manisha Loss, MD

Associate CMIO, Johns Hopkins Medicine

How do we care for more patients with the same clinical
workforce we have today? How do we meaningfully
increase productivity? Care for more people on top of the
same preexisting resources?
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Message Categorization (EMR)
Model tags messages as “Administrative” or “Clinical”, which can be used to distribute work

Automatically Generates Draft Response (EMR)
Drafts response to patient message based on information from the patient’s record, such as current
prescriptions and recent results, which clinicians review before sending

Virtual Al Scribes
Clinical documentation solution combining conversational, ambient Al with advanced generative Al

Chart Summarization (EMR)
Early-stage development to summarize specific areas of the medical record,
starting with hospital course notes for admitted patients

Healthcare General Reasoner

Co-developing exploratory models to tackle complex medical questions, such as Venous
Thromboembolism (VTE)
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Common Themes

Use what you have before you look for more
e Partner with your EMR

 Examine current vendors

* Leverage existing partnerships

Make your case carefully
 Where will it add value?
 What problem are you trying to solve?

Move slowly to make quick change
* |dentify champions

* Pilot to onboard

e Address fears

* Celebrate and acknowledge



(B JOHNS HOPKINS

M EDICINE

Education

Johns Hopkins University

Basic Principles of Using AI-Generated Content

® Selective incorporation instead of full implementation: Al can be powerful in terms of creating
large volumes of content quickly and efficiently. However, Al-generated content can lack the
creativity and nuance that comes with human-generated content. Understanding the strengths
and limitations of Al-generated content to determine when its use is appropriate is essential.

* Augmentation instead of replacement: Al-generated content can be used to supplement or
augment human-generated content but should not be used as a replacement for it.

® Validation instead of full acceptance: Al-generated content is not a “set-it-and-forget-it”
solution. Continuously evaluating the quality and effectiveness of the content being generated
by Al and making adjustments as needed is necessary.

The following pages are guidelines and best
practices concerning generative Al tools and

https://teaching.jhu.edu/university-teaching-policies/generative-ai/ teaching. They will continue to evolve over time
based on changes in the technology and use
cases in the Johns Hopkins community



https://teaching.jhu.edu/university-teaching-policies/generative-ai/

Thank ’ @ JOHNS HOPKINS a
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....avoid the key balancing component,
which is we can't simply ask our clinical
workforce to work more.

Questions!?
rcanino | @jhmi.edu
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. Engineering Network Manager
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Al Use Cases For SHC Enterprise Network

1. Pre-Post Validation
2. Peer Review

3. QA Chat bot



Pre-Post Validation Process

* Replacing end-of-life hardware

» Lengthy process to validate software configurations
* Manual review of 100s of line of codes

* Time-consuming and prone to human error.

« Human error leads to unplanned outage

P atEaDrllfC'(I)rNdE Health Care Confidential
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Pre-Post Validation Process

Collect Pre

Sessions
0 0.0 NetSamirt
m MatSmart BKUP
= NetSmart DB
= NetSmart_Prod
0.0.1 HNET
m HNCFOR-112-5D01
HNCFOR-113-5D002
HMCFOR-T49R3IT-SA0
HMCFOR-TA9RA0-5D02
HNCFOR-U49R39-5001
HNCMED2-L552-5A01
HMCMED2-L552-SA02
0.1 Console
02.100Gig Core
NC-Building-A Uplogix
STNMC-FOR-RR-2
STNMC-NDCCH-RCO3
STNMC-NDCCH-RDO3
STNMC-WECH-0R23-RHD
STNMC-WECH-0R24-RS01
STNMC-WECH-0R24-RS502
STNMC-WECH-RCO4
STNMC-WECH-RD03
STNMC-WECH-RD04
STNMC-420-RR-1
STNMC-AT1-RCOZ-PE
STNMC-A11-RDOZ
STNMC-BDD-C5-RS01
STNNC-BDD-CE-RS02
STNMC-D11-RCO1-PE

STNNC-D11-RDO
= STNNC-D11-RHO2

B 03 FOR

I 04,6000
T 3rd Floor
T MDF

I MTR
SCHMEDOZ-PSR-LFO7
SCHMEDOZ-PSR-LFOB
SCHMEDOZ-PSR-LFNM
SCHMEDO2-PSR-LF12
STHMED2-PSR-LFOS
STNMEDZ-PSR-LF10
STHMEDZ-PSR-SWO01

N MEDICINE

STNNC-D11-RC01-PE - MGMT

| @ ¥ 10.250.80.1

1 Sessions

0.0 MNetSamrt

MetSmart BKUP
MetSmart DB
MNetSmart_Prod

0.0.1 HNC
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HNCFOR-112-5D01
HNCFOR-113-5D02
HNCFOR-T49R37-SA01
HNCFOR-T49R40-5D02
HNCFOR-U49R33-5D01
HNCMED2-LE52-5A01
HNCMED2-LE52-5A02

1 Console
2.100Gig Core

NC-Building-A Uplogix
STNMC-FOR-RR-2
STNMC-NDCCH-RC03
STNMC-NDCCH-RDO3
STNMC-WECH-0R23-RH
STNMC-WECH-OR24-R
STNMC-WECH-0R24-R
STNMC-WECH-RC04
STNMC-WECH-RDO03
STNMC-WECH-RDO04
STNNC-420-RR-1
STNNC-A11-RCO2-PE
STNNC-A11-RD02
STNNC-BDD-C5-RS0
STNNC-BDD-C5-RS02
STNNC-D11-RCO1-PE
STNNC-D11-RCO1-PE -
STNNC-D11-RDOY
STNNC-D11-RHO2

O T RS TN

nshl: AES-168-CTR 40,17 40 Rows, 138 Cols Linus ol 5700

Collect Post

2,16 32 Rows, 84 Cols Linus OT:45:37




Pre-Post Validation Demo Using GPT

« Automated process using a GPT model.
 Reduces network engineers' time
« Simplified job creation for comparison.

* View compared results

EEEEEEEE re Confidential
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Pre-Post Validation Demo Using GPT

Back

« Comparison Results for STNAMC-02-SA01.NETWORK.STANFORDMED.ORG

1. Results of show cdp neighbor
&
NO DIFFERENCES FOUND
2. Results of show ip route vrf grn20@

The following entry is missing in the post-change context:

C 18.253.7.1/32 is directly connected, Loopback252

3. Results of show ip arp vrf blu3ee

NO DIFFERENCES FOUND

P 32%}}{?1;& Health Care Confidential

35



Savings by LLM

* 1,300 hours spent per year by manual work « 75% or $100,000 saved by GPT models

o 800 hours to replace 40 switch/year « 300 hours for both peer-review and pre-post check

o 500 hours for routine maintenance and optimization * Minimizing impact to patient care due to human error

1,400 Pre ChatGPT

1,200
1,000
800

600

Hours spent

400

Post ChatGPT

200

Pre-Post Validation and Peer Review

P Stanford Health Care

MEDICINE Confidential 36



Network Team QA Chat Bot — Why?

« Searching through numerous documents
* Login to numerous different tools

* Quick answer would greatly enhance efficiency

P EE%I}E(?E(% Health Care Confidentia
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Network Al Chat Bot

« Leveraging GPT model:

o Decision making on tools

o Refining and cleaning up relevant content

 \Vectorized database

* Integration with splunk and other tools

P atEaDrllfC'(I)rNdE Health Care Confidential
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Network Chat Bot Flow Diagram

Azure GPT
Tools the Agent can use mMOdel
ST T T ) Ar ased on
: : Cleanedup . ,
: ' ‘
! Tool name and response se
| description -~
[}
| Network Device . - I
: LTS l
: | S :
! InfObIO, Tool name and So 1
: description \\\ ! User Query
i e, (R
[} NN
i T‘::" b — ~~< NetSmart provides
E esc'"pt'o" TS ~=ao_ theresponse tO USEr mmmm mmmwmw User Query
E — : - —- -'-'-"'-: -
i = { Provide relevant =~~~ !
! —
content
i Netsr..... Netsmart BaCkend ant-I:::iSVn\:ae:server
: Server
[}
[}

- o s am e am e em am am am s am e
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Network Chat Bot Demo

° Select Data Source

Chat History can you tell me what kind of documents i have? Chat With Your Team |~

New Session

Document Detective
Based on the provided context, here are the types of documents you have:
Resonant Echo
1. Network Operation Master Sheet: Netsmart Chatbot Tutorial

Hello Friend Space
o Topics include SMP Locations and Contacts, UHA IDF Access information, FS Coverage UHA-VC, IDF List, 500P IDF, 500P

Important Links, IDF Pics & Video, AP Information, End User Device Behavior, Frequently used Network Tools, NW Operation
SOP, KT Sessions, and Jump Server details.
o File Name: dgg_ds_network_global_network_operation_master_sheet.txt
2. KT Session Links:

VDI Connection Issue
Warm Welcome Whis...

Gateway Guardians
o Knowledge transfer videos on various network topics used in SHC projects by the network team.

o File Name: dgg_ds_network_global_network_operation_master_sheet KT Sessions.txt
3. Server Information:

S-ID Reset Helper

File Transfer Protocols
o Details about servers including names, products, environments, functions, descriptions, locations, IP addresses, operating

systems, CPU, and RAM.
o File Name: dgg_ds_network_global_nc_infra.txt
4. Moberg Component Neuromonitoring System (CNS):

Thrive with Netsmart

PortQuery Navigator

o Overview, user access creation, troubleshooting, and resolution steps.

o File Name: test_asha.docx
R Nahanrlk NRA-

InsurDataMortJSON

JsonLoanFacts Decod...

Say something
Loan Sum Inquiry Y

p ﬁtEE})I}E%CE Health Care Confidential



Exciting Future Plans on Chatbot

 Document retrievals per team
« Conversation memory

« Support more file type

P ﬁtEaDrll{é(l)El(% Health Care Confidential
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THE POSSIBILITIES ARE PRETTY
MUGH ENDLESS, IS WHAT | M
SAYING.

4 . .
ﬁgé})I}{?ﬁcg Health Care Confidential



Scholarly Publishing Webinar
Series

Improve your writing and learn how to successfully navigate
the peer-review and publication processes

ni -Hh

.
e Register for upcoming sessions

* View the recording, slides, and key takeaways from past e - j; w
sessions

1
walll “’Wl/ﬁl

aamc.org/publishingwebinar

Hosted by Academic Medicine & MedEdPORTAL

© AAMC



MedEdPOR TAL" | teshing anaLeamn
e Teaching and Learning Resources

MEDLINE-indexed journal

AUTHORS % ABOUT % COLLECTIONS

- e

download. All materials are immediately available
) . upon publication

Author support: Creates access avenues for

Policy Advocacy Workshop Tools for Training Considering Culture and Conflict: A Novel
Pediatric Residency Training): A Case-Based Medical Students to Act on Climate Change Approach to Active Bystander Intervention

diverse scholars, including trainees and faculty
' historically underrepresented in medicine

Submit, read, and learn more at mededportal.org

Follow us on@ @MedEdPORTAL
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Connect Beyond the Pages of
Academic Medicine

o
Academic Medicine Journal
academicmedicineblog.org

ki) Academic Medicine Podcast

ACADEMIC 4.
& @AcadMedJournal .




Get involved, advance your career, help
move the field of medical education
forward

aamc.org/about-us/mission-areas/medical-education

Make the AAMC Your Medical Educatlon

Home



Artificial Intelligence

Learn from Experts & Engage with Colleagues

Check out our ...

OO

* Webinar series
* Key resources collection

* Discussion threads

Check out our ...

* Al and Academic Medicine webpage

© AAMC
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Upcoming AAMC Al Webinars

Artificial Intelligence and Medical School Admissions and Selection - July 30, 2024

Past AAMC Al Webinars

A Disruptive Connector:
Learning & Experimenting with Generative Al Together

June 11, 2024

Al in Medical Education: Faculty as Learners and Educators Register for the

May 22, 2024 monthly series!
_ _ And find

* Video recording resources from

* Presentation slides past webinars.

* Q&A section summary
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Join the AAMC Communities

Engage with colleagues through discussion threads, access useful
resources, and network with peers on topics of interest in this
free virtual communities network

communities.aamc.org
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FIRST Program

Financial Information, Resources, Services, and Tools

Information and guidance about paying for medical school, managing money, and successfully
repaying student loans

Assistance with

navigating the - Strategies to wisely
QT complexities of [ ] manage student loan

paying for medical debt.

school.

Resources & tools to Education & support

expand financial through onsite &
4§ literacy skills & s, | virtual school

knowledge of money sessions, webinars,

management topics. publications & more.

AAMC



Gain the Resources and Expertise to
Achieve Organizational Transformation
and Alignment

Interested in launching a strategic planning process or
enhancing alignment between your research,
education, and health care delivery missions? Explore
Member Organization Solutions and the Aligned
Institutional Mission Program.

Learn more
e aamc.org/mos
e aamc.org/aim

© AAMC



Careers in Medicine®

Choosing a specialty is one of the most
significant decisions students will make.

We can help with resources for students and
advisors.




AAMC StandPoint Surveys: 2023 State of Medical School Faculty

Engagement — Now Available

Gain key insights into the most salient issues affecting
faculty engagement in academic medicine, using data
collected from ~ 18K full- & part-time faculty between
January 2020 & December 2022.

Download your copy today.

aamc.org/facultyengagementreport

© AAMC
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